NEAT: Neural Attention Fields for End-to-End Autonomous Driving e
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Association by Iterative Refinement of Attention Maps

Uniform prior attention -> location-specific attention maps -> N iterations of refinement -> semantic and waypoint offset decoding
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However, associating 2D to BEV semantics Top: waypoint offsets (red (white circle on semantic map). We consistently
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Check out our results video: kashyap.chitta@tue.mpg.de
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