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Motivation Goal

Generative models of humans,
e.g. SMPL, have enabled many
applications such as human

A generative model from which we can
sample 3D detailed humans with diverse
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A multi-subject skinned implicit human model that 3D detail modeling via Interpolatlon. . . o
, . . Smooth shape transition between very different clothing/identities.
learns from posed 3D scans (1-3 scans per subject) 2D adversarial learning
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Code and more details: xuchen-ethz.github.io/gdna



