Neural Radiance Fields (NeRFs) achieve
Impressive view synthesis results when
many input images are given:

Optimize NeRF
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However, In real world applications, the input
IS often sparse and obtaining a dense
coverage of the scene can be costly.
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We observe that for sparse inputs, the view
synthesis results for NeRF are degenerate:

NoveI Views Generated by NeRF
We propose RegNeRF which enables
realistic view synthesis for sparse inputs:

Same Novel Views Generated by RegNeRF
How do we achieve this?
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Next to the reconstruction loss on the input views,
we perform the following for unobserved views:

1. Appearance Regularization:

2. Geometry Regularization:
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For all views, we perform:

3. Sample Space Annealing:.
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